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1. INTRODUCTION

The call function is a non-negative real-valued function of the form
(1.1) fo(k) = (k — 2)" = max{k — 2,0}, for k>0 and z > 0.

It has been used in several areas of probability and statistics, for example, finance, risk theory,
and derivative pricing, among many others. In particular, it has been successfully applied to
the collateralized debt obligation (CDO). For more details, see Karoui and Jiao [5], Karoui et
al. [6], Hull and White [7], Neammanee and Yonghint [12], Yonghint et al. [17], and references
therein.

For a random variable (rv) W, the study of E[f,(W)] plays an important role in many
real-life applications. For example, if W is the sum of Bernoulli random variables (rvs) then
E[f.(W)] is used to compute the mean value of total percentage loss for each tranche in CDO
(see Neammanee and Yonghint [12], and Yonghint et al. [17] for details). Also, if W has a
complicated structure, for example, W is the sum of locally dependent or independent (but
non-identical) rvs, then E[f,(W)] becomes difficult to compute in practice. In such cases,
an approximation to standard and easy-to-use distribution is of interest. Approximation
to call function has been studied by several authors in the literature, for example, Poisson
approximation has been studied by Neammanee and Yonghint [12], and Yonghint et al. [17],
and Normal approximation has been studied by Karoui and Jiao [5], and Karoui et al. [6].

In this paper, we study negative binomial (NB) approximation to call function using
certain conditions on moments. The main advantage of NB distribution over Poisson dis-
tribution is the extra flexibility parameter that builds our bounds more shaper compare to
the existing bounds for Poisson approximation. Throughout this paper, let N,.,, follow NB
distribution with probability mass function

r+k—1\ ,
(1.2) IP’(an:k:):( L >qu, ke,

where r > 1,g=1—-p € (0,1) and Z; = {0,1,2, ...}, the set of non-negative integers. From
Neammanee and Yonghint [12], and Yonghint et al. [17], We observe that the call function
can be studied under a locally dependent or independent setup. Therefore, we consider the
following locally dependent structure that can be used for both cases.

Let J be a finite subset of N = {1, 2, ...}, the set of all positive integers, and {(; };cs be a
collection of non-negative rvs. For each i, let i € A; C B; C J be such that (; is independent
of Ca¢ and (4, is independent of (pe, where (4 is the collection of rvs {Gi}iea and A€ denotes
the complement of the set A. See Section 3 of Réllin [13] and Section 2 of Kumar [9] for a
similar type of locally dependent structure. Define

ieJ

the sum of locally dependent rvs. Note that if A; = B; = {i} then V is the sum of independent
rvs. Throughout this paper, welet (4 = ) .. 4 G, foraset A C J, and D(W) := 2dry (W, W +
1), for a rv W, where dry(X,Y) denotes the total variation distance between X and Y.
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In this paper, our aim is to study the proximity between E[(V — 2)*] and E[(N,, — 2z)*].
That is, our interest is to obtain the upper bound for

(1.4) [E[(V = 2)*] = E[(N,;, — 2)7]].
We use Stein’s method to obtain the bound for the above expression discussed in Section 2.

This paper is organized as follows. In Section 2, we develop Stein’s method for NB
distribution using the call function. In Section 3, we obtain uniform and non-uniform bounds
for the expression given in (1.4) and compare our results with the existing results. In Section 3,
we give an application of our results to CDO and give some numerical comparisons. Finally,
in Appendix A, we give some inequalities and their proofs that are useful to develop Stein’s
method for NB distribution.

2.  STEIN’S METHOD

Stein’s method (Stein [14]) is a tool for obtaining error bounds between two probability
distributions. This method is mainly based on obtaining the solution of the Stein equation
given by

(2.1) Ag(k) = f(k) —Ef(X), forkeZy,

where A is a Stein operator for a rv X such that E[Ag(X)] =0, f and g are real-valued
bounded functions on Z, . Stein’s method has been developed for NB distribution by Brown
and Phillips [4] and Barbour et al. [1] for total variation distance and Wasserstein distance,
respectively. In this section, we develop Stein’s method for NB distribution when f is a call
function, defined in (1.1), which is used to obtain upper bounds for the expression given in
(1.4). The NB approximation via Stein’s method has been studied by several authors such as
Barbour et al. [1], Brown and Phillips [4], Vellaisamy et al. [15], Wang and Xia [16], Kumar
and Upadhye [10], among many others.

Next, let X =N, , and f = f., defined in (1.1), then the Stein equation (2.1) leads to
(2.2) Ag(k) = (k—2)T —E[(N,, — 2)T], for k € Z, and z > 0.

Also, let g = g, be the solution of the above equation. Now, replacing k by V in (2.2) and
taking expectation, we get

(2.3) [E[Ag:(V)]| = [E[(V = 2)"] = E[(Ny, — 2)"]].

Therefore, to obtain the upper bound for the expression given in (1.4), it is enough to obtain
the upper bound for [E[Ag,(V)]|.

Next, the Stein operator of N, is given by
(2.4) Ag(k) =q(r + k)g(k +1) — kg(k), for ke Z;.
See Lemma 1 of Brown and Phillips [4] for details. Substituting (2.4) in (2.2), we get

(2.5) q(r +k)g(k +1) — kg(k) = (k = 2)" = E[(Nyp — 2)"].
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It can be easily verified that the solution of (2.5) is

0 if kK =0;
Zr(r+1) - (r+j—1) (k=1) ,_
(2.6) g:(k) = Z;mr+m~«r+k—1) T
x[(j = 2)" = E[(Nrp — 2)*]] if k> 1.

For more details, see Section 2 of Kumar et al. [11, p.4] with appropriate changes. Now,
we move to obtain uniform and non-uniform upper bound for |g.(-)| and |Ag, ()|, where
Ag(k) = g(k+ 1) — g(k) denotes the first forward difference operator. Some of the proofs of
the following results are similar to the proofs given by Neammanee and Yonghint [12].

Lemma 2.1. For k>0 and z > 0, g, defined in (2.6) satisfies the following:

(i) |g=(k)| < p~ (L.
(i) |Ags(k)| <2p~ 0+ —p~L.

Proof:
(i)  As g.(0) =0, it is enough to prove the result for £ > 1. Consider
r(r+1)-(r+j—-1) k-1 ., .
9. J _
(27) 0<Zr(r+1)~--(r+k—1) g! Y

j=k

e}

B (r+k)-(r+j+k—1)
=1+ kk+1)(G+k—1) ¢

<p D (using Lemma A.2(i)).

Next, consider

(1) -1 (k1)
(2.8) O<]~z;ﬂ(r+1)“ (r+k—-1) 4! v’
S (e ) (g = 1) (=)
§1+Zk: )t kon ¢ k
Jj=k+1
- — (r+k)(r+j—1) ;4
_1+Jzk;1 k(k+1)--j ’

B (r+k)(r+j+k-1) ;
*1+Z k(k+1)---(j+k)

— (r+k) - (r+j+k-1) ;
SR D EEA RSy

< ,  (using Lemma A.2(ii)).
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Therefore, from Lemma A.1(i), we have

(2.9) 0< Z;C :E:i i; E: i .; = 3 (k ;! 1)!qj—kE[(Nr,p —2)7]
<p UtV —pt,

Hence, from (2.6), (2.7), and (2.9), we get

[e.e]

B r(r+1)---(r+j-1) (k—=1)! . o+ .
00l = 12 e ey 1 ¢ 0T Ny 7]

7(r+1)'

<p
This proves (i).
(i)  Note that, for &k =0,
1Ag2(0)] = |g:(1)] < p~FV < 2p=CF) —p~ 1,
Now, we prove the result for k > 1. Let

SR s

<

N r(r 1) (r 4§ — 1) k! J—k=1(;
B Z r(r+1)--(r+k) ﬁq -t

j=k-+1
and
= r(r+1) "(7"4']—1)]‘; —k—1 )t
AQ(k)_Jzk;—l r(r+1)--(r+k) j! ’ E[(Nyp —2)7]
0o T(TJrl)"'(TJrj—l) (kj—l)' 5
ARV G R VI ¢ R[N, — 2)7].
Then

Ag:(k) = g:(k +1) — gz(k) = A1(k) + Az(k),
Hence, using (2.7) and (2.9), we have
|Ag- (k)| < |Av(k)| + [Aa(k)| < 2p~HD — p~ .

This proves (ii).

Lemma 2.2. For k> 1 and z > 1, g, defined in (2.6) satisfies the following:
1
- <2p*(’"+1) - p*1> ifk >z
z
g0 <4 (g —p?) iz <k <z
z

1
m <2p—(7’+2) _ p—2) ifk=1.
z

\

29
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Proof: Let k > z. First, consider

Al“”:gr(lﬂ(ﬁ)i{..(ﬂfi;)l) C BT R DG =)~ k) 1-2)"
:ZT(:JBSZF?}HZ)UEI;IBJW Flr+R)G+1)G —2) = kr+5)(G+1-2)].

Observe that
(2.10)

(r+ k)G +1)0 —2) —k(r+5)J+1-2) G+ —k)—r(G—k)z— (k+7)z
rG+D0 —k)—r(i—k)z|+(k+7)z
J+1(J k)= (r(j—k)—k—r)z

[ VAN

INA
._Mﬁ—§

k—l— r) lfj = k;
) if j > k.
Therefore,
; (e D) (r =) (k=D — k) .,
. < ]
(2.11) [Av (k)| < FUES Z r(r+ 1) (r+ k) 7! !
j=k+1
. P D i —1) R
_ r J
-—Mk+n+?7§;1T@+1%~0+k>(j—”ﬂ

B z rq T rr+1)---(r+j—1) k! j—
- T TR Z r(r+1)---(r+k) (j—l)!q '

B z rq T o~ (r+k+1)(r+j—1) .
- FEYE 2 T arngoy ¢

(rtk+1)(rtjth—1)
(1+W+Z k+1)-(G+k—1) 1

P —(r+1)
< ,  (using Lemma A.2(iii)).
z
Now, consider
ir ~(r+j-1)(k—=1)! j_k_lir(r—i-l)--(r—i-j—l)ki!j_k
r(r ~(r+k=1) 4! T T ke r(r+1)---(r+k—1)j!
j=k j=k
1 = (k) (ri—1) g
=1+ > g
z( il (k+1)--j
1 (r4k)-(r+j+k—1)
=1+ . g
z( ]Z; (k+1)---(j+k)
p " —1 . .
< ,  (using Lemma A.2(ii)).
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Therefore, from Lemma A.1(i), we have

(2.12) i

j=k

(r+j-1D k=1 ;4 o p ) —pt
- <£ 78

==

Hence, for k > z, from (2.11) and (2.12), we have

Bg(h)] < [Ar(R) + | As(h)] < - (270 —p7).

Next, let £ < z and consider

= o+ (i1 (=1
|A1 (k)] < Z 7“(1"+1)"'(7"ik) (j—l—l)!qj ’

j=[z]-1
< |(r+ k)G +1)G =2 = k(r+ )G +1-2)7]
(213) < T(T+ 1) (T‘—|— ’VZ—| — 1) k! (|’Z‘| _Z)qu‘\flfk

(7“+) (r+k) ([2])!

+i1 T(HZ;)EI; g.‘q] * (using (2.10))

\-/IIM

4Dt -1 M P
= (r+ ootk (piie 2
_,_,T( r+1)--(r+[z]—-1) (k—1)! o7k
z rir+1)--(r+k) ([z] =2)!

o (kD (rt-1)
YA TRy -Gog 7

z
j=[z]+1
where [z] is the smallest integer greater than or equal to z. At k = [z] — 1, we have

o0

(2.14) |A1 (k)| <

! rq (rtfel)(rti=1) a0
L LR DI o~ oy oot e L )

j=l21+1

= rq+r S G 1 R G o e I TS e
A jr§+:1_k(w—1)((21)---(j+k:—2)q )

1 (r+k+1)(r+j+k-1) ;
e G Z kE+ D) (k-2 ¢

1 (r+k+1)---(r+j+k) ;
2.1 =—11 J
(2.15) P +W+rqz kk+1) - (G+k—1) 1
p_(r+2)
< (using Lemma A.2(iv)).

z

Now, let k < [z] — 1. From (2.13), we have

rr+1)--(r+[z]—-1) & A g lF-1-
(2.16) ) < OB ZD B - apgfti

o= (T (r i —1)

+jzz[;1 k(k+1)-(—2) e

[2]
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1(r+k+1)-(r+[z]-1)
“z k(k+1)---([z] =2
r+1 (r+k+1)--(r+j) ;4
z kE(k+1)---(j—1)

([2] = 2)g* 17" *

v

j=[z]
r+l N (rkFD (4G g
< J
<— };

E(k+1)---(j—1)

[

_rtl - r+k+1 c(r+J) ok
Z : q
< (=1

r+1Z r+k+1) - (r+i+k)

(2.17) k(k+1)- U+k—1)q

=1
—w+m

< ,  (using Lemma A.2(iv)).

qz
Next, for k > 2, consider

ir(rﬂ)m(rﬂ—l) (k=1 ;. 1 i (r+k).--(r+j_—1)qj,k

(2.18) G+ ) (k-1 g1 T T &

1 =tk (r+j+k—1)
S T TR G R

j=1
r?r +_1)22, (using Lemma A.2(v)).
Therefore, from Lemma A.1(ii) and (2.18), we get
r(r+ 1) (rri—1) (E—1)! ., p 2 _ p=2
2.1 JFE[(N,., —2)T ] < ¥———F—
( 9) ZT(T’—!—l)"'(T—Fk—l) ]; q [( »D Z) ]— >

Hence, for k < z, from (2.14), (2.16), and (2.19), we have
1 Sy —(r42) 2
[Ag(R] < A1 (k)| + |As(k)] < (147 Dp 2 —p72).

Next, at & = 1, from (2.15), we have

1 — (r+i+1\
(2.20) 1A1(1)] < 2<1+rq+rqz (7’ j >q])
j=1

1 1)p=(+2)
z z

and, at k = 1, from (2.17), we have

r+1 i (r +j5+ 1)qj _(r+ 1)(p~r+2 —1) - (r4 1)p=(r+2)

(2.21) |A1(1)] < j > z

j=1
Also, using Lemma A.1(ii), it can be easily verified that
(2.22)

e rir o (r ) — . r —(r+2) _ -2
Ay < 23 TN RIS D g, g < CEDEEEE ST,
i= '

z
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Hence, at k£ = 1, from (2.20), (2.21), and (2.22), we have

Ag()] < A0+ 14s(1)] < T (3t ),

This proves the result. ]

Remark 2.1. From Lemma 2.2, a rather crude uniform bound is given by

1
(2.23) 1AG ]| < Opps = “zr (a0 =), fork>1and 2 > 1

3. BOUNDS FOR NB APPROXIMATION

In this section, we obtain error bounds between E[(N;., — 2)*] and E[(V — z)*] such
that N,.,, follows NB distribution and V' =", ; (;, where {(;};c 7 is a collection of Z -valued
rvs. Throughout this section, let ux and ox denote the mean and variance for the rv X.
The following theorem gives the bound for the locally dependent setup.

Theorem 3.1. Let E((}) < 0o and V be the sum of locally dependent rvs as defined
n (1.3). Then

1. (uniform bound) sup,> [E[Ag.(V)]| < (2p~ ) —p~ 1)U,

2. (non-uniform bound) |E[Ag,(V)]| < ¥y, .Uy, forall z> 1,

where
> PE(G)E(CA,) + B(CiCa,) + E(Gi(Ca, — 1) if p,, = pvs
ieJ
Py _E(G)E[Ca,(2¢8, — Ca, — )D(VICa,. CB,)] if px,, = pv and
ieJ
+¢ Y E[GiCa, (2¢8, — Ca, — )D(VIG,Ca,, Ca,)) ON,, = OV
UJ - ieJ
+Y EGi(Ca, — 1)(2¢8, — Ca, — 2)D(VIGi,Ca,, Ca,)
ieJ
+Y IPE(G)E(Ca,) + B(GiCa,) — E(Gi(Ca, — 1)
e
E[C5,D(V(5,)]

and VU, . is defined in (2.23).

Proof: Consider the Stein operator given in (2.4) and taking expectation with respect
to V, we get

(3'1) E[‘Agz(v)] = TqE[gz(V + 1)] + qE[ng(V + 1)] - E[ng(v)]
_pZECZ gz V"'l +QZEC292 V+1 _Z]E[ng(v

ieJ e e
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where the last expression is obtained by using un,.,, = py. Now, let V; =V — (4, then (; and
V; are independent rvs. Also, note that

(32)  pD EGEg:(Vi+ 1] +q¢ Y ElGg-(Vi+1)] = > ElGg-(Vi + 1)] =
ieJ e e

Using (3.2) in (3.1), we get

(3.3) E[Ag.(V)] =p Y E(G)E[g=(V +1) = gz(Vi + 1)]
ieJ
+qY ElG(g:(V+1) = g:(Vi+1))]
icJ
- ZE[C’L(QZ(V) - gz(Vi + 1))]
ieJ
Ca,
=p) E(GE ZAgz Vi+j)| +a)_ E CZZAgz Vi+j ]
ieJ 7j=1 ieJ
a1
ZE{@ Z Ag. vw}
i€

Therefore,
E[Ag:(V)]] < [ Aga[I > [PE(GIE(Ca,) + qB(GiCa,) + E(Gi(Ca, — 1))
ied

Hence, using Lemma 2.1(ii) and (2.23), the result follows when un, , = v .
Next, using un, , = pv and on, , = oy, it can be easily verified that

(3.4) PY _E(GELa]+a> El6iCa] =D E[Gi(Ca, — 1)]] Elg.(V +1)] = 0.

e e icJ

Let V* =V — (p, then (; and (4, are independent of V;*. Now, using (3.4) in (3.3), we get

(3.5) E[Ag.(V)] =p) E(G)E

ieJ 7=1

Ca,;
S (Ag(Vi+7) — Aga(Vi + 1))]

+qZE{QZ (Ag-(Vi+7j) — Ag-(Vi" +1))

ieJ j=1

Ca,—1 i
ZE[Q Z (Ag-(Vi + j) = Aga (Vi +1))

e

— SIPE(GE(CA) + dE(GiCa) — B(G(Ca, — D)

icJ
X E[gz(v + 1) - gz(v;,* + 1)]

Ca; SB\A;+j—1
=p) E(G)E

> Z A%g.(V; + 1)
icJ 7j=1

Ca; SB\A;+j—1
+QZE{@Z > Azgz(v;w)]

ieJ j=1 (=1
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Ca;—1CB\A;+5-1
ZE[@ Z Z A%g.(Vi+0)
icJ j=1

— > IPE(G)E(Ca;) + qB(GiCa,) — E(Gi(Ca, — 1)]

ied
¢B;
xE|> A’g.(Vi+1)
/=1

Ca; SB\A;+i—1
=pY E(G)E {Z Z E[NgZ(VZ-M)cAHcBJ]

icJ j=1
Ca; CB\A;+j—1

|:€z Z Z E[Azgz(m + e)‘Cw CAN CBZ]]
7j=1 (=

Ca;—1CB\A;+j-1
[@y Z Z E[A%Amac@-,gi,c&]]
7j=1

+qZE

ieJ

7ZE

ieJ
— > [PE(GE(Ca;) + qB(GiCa,) — E(Gi(Ca, — 1)]
ieJ
¢B;
xE|Y E[A%g.(Vi+ e)cBZJ] :
/=1

Therefore,

‘E[‘Agz( )” < ”Ang{pZE Cz CA (2<B - CA - 1) (V|CA17<B1)]

ied

+q ) E[GiCa; (268, — o, = )D(VGi, Cayr €]

ied
+ D IPE(GIE(CA,) + ¢B(GiCa,) — E(Gi(Ca, — D)[E[CED(V¢B,)]
ieJ
+) E[G(Ca, — 1)(2B, — Ca, — 2>D(V|ci,<Ai,cBi>]}.
i€

Hence, using Lemma 2.1(ii) and (2.23), the result follows when un,,, = py and oy, , = oy. O

Corollary 3.1. Let V] = ZiGJ (; with p; = P(Q = 1) and Pij = P(CZ = 17Cj = 1)
Then, for un, , = py,, we have

(3.6)  sup[E[Ag.(W)]| < <2p’(’"“) —p”) > {(1 +q) > pij+pi (p > pi- 1)] :

220 = JEA; JEA;

Remark 3.1.

(i)  In Theorem 3.1, note that we have the flexibility to choose one parameter (either r or
p) of our choice when pn, , = p. Also, the bound is valid only if E(V') < Var(V') when
UN,, = pv and o, , = oy.
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(ii)  Observe that V' can be expressed as a conditional sum of independent rvs and hence,
Subsections 5.3 and 5.4 of Réllin [13] can be used to obtain the bound of D(V|-). For
more details, see Remark 3.1(ii) of Kumar et al. [11].

Next, the following theorem gives the bound for independent setup.

Theorem 3.2. Let E((}) < oo and V' be the sum of independent rvs. Then
1. (uniform bound) sup,>o [E[Ag.(V)]] < (2p=+Y) — p~ YU

2. (non-uniform bound) |E[Ag.(V)]| < ¥,,.Uj, for all z > 1,

where
D EIPEG) + gk)vik — (k + 1)kl if pN,, = pv;
ied k=1
_1
2 (1 ’
\ \/; TR I A if i, , = py
Uj= jed
{ZE(Q)\PE(Q)z +qE(¢F) —E(G(G — 1)) and on, , = oy
e
ZZ pE (Gi) +ak)vigk — (k+1)v I<:+1|}
i€J k=2

Urp,» is defined in (2.23), vip, = P(( = k), 65 = min{%, 1—drv(¢,¢j+1)}, and §* = maxjec s d;.

Proof: Substituting A; = {i} in (3.3), we get

Agz —pZECz ZAgz V+] +QZE CzZAng‘|‘]

ieJ j=1 ieJ
Cz_l

_ZE CZZAQZ V+J

e
k

—pZZZEQ Agz V"‘])]’Y@k

iedJ k=1 j=1

o k
icJ k=1 j=1
o k-1

= > KE[AG (Vi + )ik

i€ k=2 j=1

k
Z [(PE(G) + ak)vik — (k+ Dyigea] D E[Ag: (Vi + 5)].
i€J k=1 j=1
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Therefore,

EAg: (V)] < 18g:01D 0> kIPE(G) + ak)vik — (k + 1) Yigksal.
ieJ k=1

Hence, using Lemma 2.1(ii) and (2.23), the result follows when un, , = uy.
Next, substituting 4; = B; = {i} in (3.5), we get

j—1
E[Ag.(V pZE@E{Z E[A gsz)g]]

ieJ j=1/4=1

i J—1
+QZE[@ZZE gszg]]

e 7j=1/4=1
G
= IPE(G)? + qB(¢) — E(Gi(G — )E | E[A%g.(V; + 0)[¢]
iceJ =1

¢Gi—14-1
ZE{@ZZE gszmll

ieJ j=1 ¢=1

oo k
=D D IPE(G)? + qE(GE) — B(G(G — D)IE[Ag- (Vi + O)] i
k

[(pE(Ci) + qk)vik — (k + 1)y 501 ]E[A%g. (Vi + 0)]

oo k
DD PEG) + gE(E]) — E(Gi(¢G — D)EA g (Vi + )ik
=1

ieJ 17

k=
Note that |[E(A2%g.(V; + )| < §||Ag. ||, where § = 2max;e s dry (Vi, Vi + 1) (see Barbour and
Xia [3], and Barbour and Cekanavicius [2, p.517])). Also, from Corollary 1.6 of Brown and

~1/2
Phillips [4] (see also Remark 4.1 of Vellaisamy et al. [15]), we have ¢ < \/%(% +> e 05 _5*>
with §; = min{3,1 — drv(¢j, ¢ + 1)} and 6* = max;c, §;. Therefore,

(3.7) [E[Ag.(V <Agz\[(+26 5*)

jedJ

X {ZE(Ci)|pE(Q)2 + qE(¢7) — E(Gi(¢G — 1))

ieJ

CZ) + qk)% k— (k + 1)’7@ k+1|}
ieJ k=2
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Hence, using Lemma 2.1(ii) and (2.23), the result follows when pn,, , = py and oy, , = oy. O

Next, for J ={1,2,...,n}, we present and compare our results for the sum of Bernoulli
and geometric rvs as special cases.

Remark 3.2.

(i) Note that the expression Uj in Theorem 3.2 is similar to the expression given in
Theorems 3.1 and 4.1 of Vellaisamy et al. [15]. Also, for total variation distance
(Il1Ag|| < 1/rq), the bound given in (3.7) is an improvement over Theorem 4.1 of Kadu
[8]-

(ii)  For J ={1,2,...,n}, the bounds given in Theorem 3.2 are of O(np~") when uy, , = pyv
and O(y/np™") when upy, , = pv and oy, , = oy. These bounds improved the existing
bounds given by Neammanee and Yonghint [12] which is of O(ne™). Moreover, our
bounds are more suitable for sufficiently large values of p.

(iii)  Let Vo =3, be the sum of independent Bernoulli rvs. Then, from Theorem 3.2,
we have

(3.8) sup E[Ag:(V2)]] < (2070 —p71) sz (1—pay),
4

where p; =1—¢; =P((; =1) and (1 —p) =p> ., p;- Note that we can not obtain

the bound by matching mean and variance as E(V2) > Var(V2). From Corollary 1 of

Neammanee and Yonghint [12], we have

(3.9) sup [E[Ag.(Va)]| < (2¢* — 1) Zpl,

220 =1

where A = 3" | p;. Observe that the bound given in (3.8) is either comparable to or an
improvement over the bound given in (3.9), for example, some numerical comparisons
are given in Table 2

(iv)  Let V3 =", (; be the sum of independent geometric rvs with P(¢; = k) = ¢¥p;, for
k € Z,, and ¢; < 1/2. Then, from Theorem 3.2, we have

I DIk L
i=1 g

3(2 —(r+1) —1) i _
(3.10)  sup [E[Ag. (V)] < b p N, = 1V
220 2 n 1 —1/2
x\/j(zj 19 — Z) and ON,, = OVs,

Z Ip — pz\ql
=1

where ", ¢; > 1/4 when px, , = py; and o, , = oy;. Note that if p; = p, for all
1 <4 <, then sup,> [E[Ag.(V2)]| = 0, as expected. From Theorem 1 and Corollary
2 of Neammanee and Yonghint [12], we have

"~ (8 — Tpi)g?
(3.11) sup [E[Ag. (Va)]| < (2¢* = 1)) %,
2>0 i—1 p;
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where A =3"" (¢i/p;). The above bound is better than the bound given by Jiao
and Karoui [5] (shown in Remark 1(1) by Neammanee and Yonghint [12]). Note that
our bound is better than the bound given in (3.11). For instance, let n = 75 and ¢;,
1 < <75, be defined as follows:

Table 1: The values of ¢;.

Then, choose r = n if un, , = py, the following table gives a comparison between our
bounds and the existing bounds under Bernoulli and geometric setup.

Table 2: Comparison of bounds.

For Bernoulli setup For geometric setup
n From (3.10) From (3.10)
From (3.9)  From (3.8) | From (3.11)  (pn,, =pv)  (px,., = pv and

UN'V',p = Uv)

10 | 21.5280 22.2920 0.09390 9.47 x 10717 9.07 x 10717
20 | 158.986 161.239 2.53041 0.41416 0.06280
30 | 1438.02 1348.40 60.4516 7.17325 1.23534
40 | 22467.0 17633.1 2117.84 195.211 27.7360
50 | 745974 423881 142995 7902.23 1079.63

For large values of m, note that our bounds are an improvement over the existing
bounds for various values of ¢;. Moreover, for the geometric setup, the bounds are
much sharper than the existing bounds as NB and the sum of geometric rvs consists
of similar properties. Also, observe that the bounds computed by matching mean and
variance are better than the bounds computed by matching mean only, as expected.

4. AN APPLICATION TO CDO

The CDO is a financial tool that transfers a pool of assets such as auto loans, credit
card debt, mortgages, and corporate debt, among many others, into a product and sold to
investors. The assets are divided into several tranches, that is, the set of repayment. Each
tranche has various credit quality and risk levels. The primary tranches in CDOs are senior,
mezzanine, and equity. The investors can opt for multiple tranches to invest as per their
interest. For more details, see Neammanee and Yonghint [12], Yonghint et al. [17], Kumar
[9], and reference therein.
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It is known that the CDO occurs in both, locally dependent and independent setup (see
Yonghint et al. [17] and Neammanee and Yonghint [12] for more details), and therefore, the
results obtained in this paper are useful in applications. Consider the similar type of CDO
discussed by Yonghint et al. [17]. Suppose there are N assets that have a constant recovery
rate R then the percentage cumulative loss in CDO up to time 7T is

N
(4.1) L) =Y
=1

where & = 1¢-. <7y, 7 is the default time of the ith asset, and 14 denotes the indicator
function of A. The expression in (4.1) can be rewritten as

(4.2) E[(L(T) = 2)"] = ——El(Va - 2")"],

where z* = (1 — R)z/N > 0 is the attachment or the detachment point of the tranche and
Vi =N &. Therefore, the problem is reduced to obtain error bounds for E[(Vy — 2*)T],
and hence, Corollary 3.1 and Remark 3.2(iii) are useful in applications. For more details, we
refer the reader to Yonghint et al. [17], Kumar [9], and reference therein.

Next, we compare our results with the existing results under the locally dependent
and independent setup. For the independent setup, Neammanee and Yonghint [12] gives the
bound discussed in (3.9) and, for the locally dependent setup, from Theorem 2 of Yonghint
et al. [17], we have

(4.3) sup [B[Ag: (V)] < (20 = 1) S0 30wy + - wing ).

220 i=1 \jeA\{i} jeA;

where A =Y | pf, pf =P(§ = 1), and pi; = P(& =1,& = 1). Note that our bound given
in (3.6) is better than the bound given in (4.3). For instance, let r =n, p; ; = p*, 1 <4,j <n,
A; ={i—1,i,i+ 1}, and ¢; as defined in Table 1, 1 <14 < 75, then, the following table gives
a comparison between the upper bounds given in (3.8), (3.9), (3.6), and (4.3) for different
values of p* and g¢;.

Table 3: Comparison for the locally dependent and independent setup.

n For independent setup For locally dependent setup
From (3.9) From (3.8) p* ‘ From (4.3) From (3.6)

15 64.0726 65.9832 04 247.274 206.347

35 5747.39 4964.44 ’ 22958.3 15690.1

55 | 6.79 x 10° 3.00 x 10° o | 337 107 1.39 x 107

75 | 4.49x 10"  6.22 x 10° : 2.31 x 10" 3.00 x 10'°

For large values of n, note that our bounds are better than the existing bounds for various
values of p* and ¢;.
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A. APPENDIX: SOME USEFUL INEQUALITIES

Here we give some inequalities and their proofs that have used in Lemmas 2.1 and
2.2. Recall that f, is a call function, defined in (1.1), and N,.,, follows the negative binomial
distribution, defined in (1.2). The following lemma gives uniform and non-uniform upper
bounds for E[f,(N;,)] = E[(N,, — 2)T].

Lemma A.1. The following inequalities hold:
(i) E[(Nyp,—2)T]< X, for z > 0.

(i) E[(Nyp—2)T] < %, for z > 1.

Proof:

(i)  For z > 0, we have

This proves (i).

(i)  For z > 1, we have

N D DICES (i I
k=[z]
p" OOTT oy o (k=2) 4
< Msz; (r+ 1) (k= D5
P r(r 1) (r k1)
Szk;ﬂ (k—2)! ’

This proves (ii).

Next, the following lemma gives some inequalities related to the parameters r and p of N;.,,.
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Lemma A.2. The following inequalities hold:

(r+k) - (r+jtk—1)
k(k+1)-(j+k—1)

qj < p_(TH) —1, for k> 1.

(i)

1

.
Il

—-T

(rtk)(rtj+k=1) ; p -1

WE

(ii) ) SRRy ¢ =L for all k > 1.
SR < e
v f; ke ey P k2
) i : foj +1(; +ff+kk>_ o < réjr_;_l)lq‘z ~ g fork =2

<
Il
—

Proof: Note that, for k =1,

() (r g s =T+ —(r
3 e =5 ()

(

Therefore, the inequality (i) holds for k¥ = 1. Now, suppose it holds for k& = m, that is,

(A1) i(r—i—m)---(r—l—j—l—m—l)j

<p Ut 7,
m(m+1) - (j+m-1) T ="

j=1
Observe that

S (r+mA1) - (r+j+m)
2 (m+1)--(j+m)

J

:i m(r+j+m) (r+m)---(r+m+j—1) ;
(r+m)(m+j) m(m+1)---(j+m-—1)

Sio:(7“—i-m)-~(7‘—f—m—|—j—1)

mim+1)---(j+m—1) ¢

<p D _1 (using (A.1)).
This implies that the inequality (i) holds for k = m + 1, and hence it holds for all & > 1.
Following similar steps, the inequalities (ii)-(v) can be easily proved. O
ACKNOWLEDGMENTS

The author is grateful to the associate editor and reviewers for valuable suggestions
that improved the presentation of the paper.



Bounds on negative binomial approximation to call function 43

REFERENCES
[I] BARBOUR, A.D.; GAN, H.L. and X1a, A. (2015). Stein factors for negative binomial ap-
proximation in Wasserstein distance, Bernoulli, 21(2), 1002-1013.
[2] BARBOUR, A.D. and CEKANAVICIUS, V. (2002). Total variation asymptotes for sum of in-
dependent integer random variables, Ann. Prob., 30(2), 509-545.
[3] BARBOUR, A.D. and Xi1a, A. (1999). Poisson perturbation, ESAIM Probab. Statist., 3, 131
150.
[4] Brown, T.C. and PHiLLips, M.J. (1999). Negative binomial approximation with Stein’s
method, Methodol. Comput. Appl. Probab., 1(4), 407-421.
[5) ErL Karoul, N. and J1ao, Y. (2009). Stein’s method and zero bias transformation for CDO
tranche pricing, Finance Stoch., 13, 151-180.
[6] EL Karoul, N.; Jiao, Y. and KuRTz, D. (2008). Gaussian and Poisson approximation:
applications to CDOs tranche pricing, J. Comput. Finance, 12(2), 31-58.
[7]  HuLw, J.C. and WHITE, A.D. (2004). Valuation of a CDO and an n'" to default CDS without
Monte Carlo simulation, J. Deriv., 12(2), 8-23.
[8] Kapbu, P.E. (2022). Approximation results for sums of independent random variables,
REVSTAT - Statistical Journal, 20(3), 373-385.
[9) KuMAR, A.N. (2021). Approximations to weighted sums of random variables, Bull. Malays.
Math. Sci. Soc., 44(4), 2447-2464.
[10] KuMAR, A.N. and UpaDHYE, N.S. (2017). On perturbations of stein operator, Comm.
Statist. Theory Methods, 46(18), 9284-9302.
[11] KuMAR, A.N.; UPADHYE, N.S. and VELLAISAMY, P. (2022). Approximations related to the
sums of m-dependent random variables, Braz. J. Probab. Stat., 36, 349-368.
[12] NEAMMANEE, K. and YONGHINT, N. (2020). Poisson approximation for call function via
Stein-Chen method, Bull. Malays. Math. Sci. Soc., 43, 1135-1152.
[13] ROLLIN, A. (2008). Symmetric and centered binomial approximation of sums of locally de-
pendent random variables, Flectron. J. Probab., 13, 756-776.
[14]  STEIN, C. (1972). A bound for the error in the normal approzimation to the distribution of a
sum of dependent random variables. In: “Proc. Sixth Berkeley Symp. Math. Statist. Probab.
II. Probability Theory”, Univ. California Press, Berkeley, Calif., 583—-602.
[15]  VELLAISAMY, P.; UpaDHYE, N.S. and CEKANAVICIUS, V. (2013). On negative binomial
approximation, Theory Probab. Appl., 57(1), 97-109.
[16] WaNG, X. and X1A, A. (2008). On negative approximation to k-runs, J. Appl. Probab., 45(2),
456-471.
[17]  YoNGHINT, N.; NEAMMANEE, K. and CHAIDEE, N. (2022). Poisson approximation for locally

dependent CDO, Comm. Statist. Theory Methods, 51, 2073—2081.



	"Bounds on Negative Binomial Approximation to Call Function"
	1 INTRODUCTION
	2 STEIN'S METHOD
	3 BOUNDS FOR NB APPROXIMATION
	4 AN APPLICATION TO CDO
	A APPENDIX: SOME USEFUL INEQUALITIES
	ACKNOWLEDGMENTS
	REFERENCES

